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Abstract: Evaluation in natural language processing drives and promotes research on models and methods. In recent
years, new evaluation data sets and evaluation tasks have been continuously proposed. At the same time, a series of
problems exposed by such evaluations seems to restrict the progress of natural language processing technology.
Starting from the concept, composition, development and significance of natural language Processing evaluation,
this article classifies and summarizes the tasks and characteristics of mainstream natural language Processing evalua-
tion, and then reveals the problems and their possible causes. In parallel to the human language ability evaluation
standard, this paper puts forward the concept of human-like machine language ability evaluation, and proposes a se-
ries of basic principles and implementation ideas for human-like machine language ability evaluation from three as-
pects: reliability, difficulty and validity.
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